Team members can experience a range of emotions and to varying degrees. We examine the effects of team emotion diversity on information sharing among team members and, consequently, team performance. By integrating the categorizationelaboration model and self-categorization theory, we argue that social class diversity moderates the relationship between team emotion diversity and information sharing. Specifically, we propose that team emotion diversity elicits information sharing when social class homogeneity is high but hinders information sharing when social class homogeneity is low. In addition, we hypothesize that the relationship between information sharing and team performance will be stronger for teams with more, rather than less, social class diversity. To test our propositions, we studied 75 teams enrolled in an Indian master of business administration program, collecting measures of positive and negative affect, information sharing, and team performance at multiple times. Our results mostly support our predictions. We discuss the implications of these findings for team diversity research and for managing diverse teams.
The experience of working on a team is "saturated" with emotions, from moments of excitement or anxiety to calm or disappointment (Ashforth & Humphrey, 1995, p. 98; Menges & Kilduff, 2015) . Fierce inter-and intrateam competition, fast-paced teamwork scheduling, and complex coordination among team members can easily trigger team members' emotions during teamwork. Researchers and practitioners acknowledge that individual emotions can influence team processes and outcomes but lack a thorough understanding of the implications of emotion diversity (see Menges & Kilduff, 2015; van Kleef & Fischer, 2016 , for reviews). Within a group, different individuals experience and express positive or negative emotions to varying degrees (Barsade & Knight, 2015; Tiedens, Sutton, & Fong, 2004) . Daily experiences with emotions elicit initial interests in team processes and dynamics (Ashforth & Humphrey, 1995) . Thus, variations in team members' emotions-what we call team emotion diversitycould indicate how different team members feel about working with others on certain tasks, which further influences team functioning (Ilgen, Hollenbeck, Johnson, & Jundt, 2005) .
Research on diversity in team members' emotional experiences has tended to focus on individual affective dispositions and found its negative effect on team effectiveness (Barsade, Ward, Turner, & Sonnenfeld, 2000; Kaplan, LaPort, & Waller, 2013; Kouamé, Oliver, & Poisson-de-Haro, 2015) . For example, Barsade and colleagues (2000) found that team members' diversity in trait positive affect harmed financial performance, as it reduced cooperation and elicited conflict. Although valuable, such studies have neglected the effects of diversity in terms of real-time emotions, which people experience only temporarily and can be inconsistent with more durable affective traits. Research on diversity in real-time emotions could extend understandings of affective disposition in teamwork by accounting for temporal effects related to emotion diversity.
Unlike previous studies, we study team diversity in real-time emotions. We refer to affect to be an umbrella term that accounts for both diffuse moods and specific emotions. Emotions are usually short-lived, intense, and have clear cognitive content, whereas mood is lowintensity, has little cognitive content, and is relatively enduring (Forgas & George, 2001 ). Mood and emotion are both different from affective disposition, the construct used in previous research (Kelly & Barsade, 2001 ). We study emotions rather than mood in this study because emotions are more likely than moods to change beliefs (Schwarz, Bless, & Bohner, 1991) and disrupt cognitive processes (Lazarus, 1991) .
Even if emotions are short-lived, they elicit cognitive judgments, which underlie much of the ways that people think and behave (Fisher & Ashkanasy, 2000) . Empirical studies have found that emotions can influence individual behaviors, such as decision-making (Andrade & Ariely, 2009 ) and social interactions (Eisenkraft & Elfenbein, 2010) . In a team context, team members' emotions experienced at the initial stages of teamwork signal how the team will function moving forward and how one feels about others based on first impressions (Barsade & Knight, 2015) . Because individuals are likely to remain committed to initial affect-based judgments and because team development processes also go through periods of inertia (Gersick, 1988) , individual attitudes and behaviors in early stages of teamwork are likely to affect later stages of group life. As such, we expect that team members' emotion diversity during initial stages of teamwork will influence team processes and outcomes over a longer period.
Information sharing is an essential process, influenced by team inputs and contributing to team outcomes such as team performance (Mesmer-Magnus & DeChurch, 2009) . We draw on categorization-elaboration model (CEM; van Knippenberg, De Dreu, & Homan, 2004) to examine the effects of team emotion diversity on team performance through information sharing. Two countervailing tendencies must be taken into account. On the one hand, team emotion diversity could inhibit information sharing and thus harm team performance, because emotion diversity triggers an "in-group/out-group" differentiation that negatively affects the unity of team identity. On the other hand, team emotion diversity could also facilitate team information sharing and thus contribute to team performance, because emotion diversity implies divergent information processing strategies. To reconcile these conflicting logics, we further investigate boundary conditions. By taking into account the multifaceted nature of team diversity, we draw on self-categorization theory and investigate the moderating role of social class homogeneity in reconciling conflicting relationships between team emotion diversity and information sharing.
Social class implies social categorization. It reflects social inequality in societies such as the United States (Markus & Fiske, 2012) . It is also a cognitively salient categorization cue in the context of India, where the present research was conducted. In India, the social class systemnamely, the "caste" system-has regulated societal order for thousands of years by placing people into occupational groups and prescribing the norms of social interaction (Devi, 1999) . Since the 1950s, Indian society has enacted laws to protect and improve the conditions of lower social class populations, for example by creating college enrollment quotas and enacting affirmative action initiatives (Ghoshal, 2002) . Nonetheless, caste has enduring effects in Indian society. Even in business or education settings, where caste is not openly acknowledged, it still plays a role in categorizing people (Chauhan, 2008) . Because our research participants were drawn from Indian master of business administration (MBA) groups, we deem class background to be a salient and important social categorization. Thus, the heterogeneity or homogeneity of team members' social class back-ground may influence the social categorization process for teams. We detail our argument for the moderating role of social class homogeneity in the section detailing our theoretical framework. Throughout the article, "a high level of social class diversity" and "a low level of social class homogeneity" are used interchangeably. Figure 1 displays our conceptual model.
By examining the moderating role of social class homogeneity on the relationship between team emotion diversity and team performance, we contribute to the diversity literature in the following respects. First, we account for the underexamined role of team emotion diversity in team functioning by showing that diversity in members' emotional experiences at the initial stage of teamwork affects team information sharing in later stages and, consequently, team performance. Second, we reconcile the opposing effects of emotion diversity on team performance by considering the multifaceted nature of team diversity and investigating the interactive effect between emotion diversity and social class homogeneity. This provides a more nuanced understanding of how multiple diversity dimensions interact with each other in team members' categorization process, which, in turn, affects information sharing and team performance. The research responds to calls to study the interplay among multiple diversity dimensions (van Knippenberg & Mell, 2016) . Moreover, we bring social class background into diversity research as a key dimension of team composition, thus enriching our understanding of team composition overall.
Theoretical Foundations and Hypotheses

Emotion Diversity and Team Performance
Team emotion diversity denotes the degree to which team members share similar emotions. As previously mentioned, emotions are shortlived (e.g., Ekman, 1999) but nonetheless have enduring effects on individual behaviors (e.g., Andrade & Ariely, 2009 ). This conceptualization of emotion and its effects prompts us to focus on diversity in real-time emotions at initial stages of teamwork and to examine its effects on team performance in later stages.
Information sharing is defined as the degree to which team members share information with each other (Johnson et al., 2006) . Information sharing is a key process in teamwork, as it represents team members' efforts to collectively utilize their cognitive resources to contribute to team performance (Mesmer-Magnus & DeChurch, 2009 ). The CEM suggests that team diversity could hinder information sharing from the perspective of social categorization but stimulate it from the perspective of information/ decision-making (see Srikanth, Harvey, & Peterson, 2016 , for a review). We review the literature on these two perspectives below and propose a framework for understanding the effects of team emotion diversity on information sharing and, in turn, on team performance.
Self-categorization perspective. The selfcategorization perspective views diversity as a disruptive influence. It emphasizes that social categorizations based on diversity, such as race and gender, invite intergroup bias (Turner, Hogg, Oakes, Reicher, & Wetherell, 1987) , which inhibits the formation of common ingroup identity (Dovidio, Gaertner, & Validzic, 1998) . In other words, people tend to demonstrate more positive responses to teams with which they share conceptions of a unified identity, including greater communication and cooperation (e.g., Van der Vegt & Bunderson, 2005) . The categorization process is not limited to demographic categories. It can also be applied to emotions (van Knippenberg & Mell, 2016) . Shared emotions signal affective consonance and create psychological bonds among team members; these, in turn, result in biases toward those who do not share similar emotions (Barsade et al., 2000; Kelly & Barsade, 2001 ). Extending this logic, we argue that individuals' emotions at the initial stage of teamwork also invite social categorization (Turner et al., 1987) . The more that team members share similar emotions, the more likely it is that they will form a common in-group team identity, regardless of whether the shared emotions are positive or negative (Dovidio et al., 1998; Magee & Tiedens, 2006; van Kleef & Fischer, 2016) . The benefits of common in-group team identity, such as identification and interpersonal attraction, lead to information sharing on tasks in subsequent team processes (e.g., Klep, Wisse, & Van der Flier, 2011) . This is consistent with research on group emotions. For example, the convergence of group members' emotions was found to enhance group belongingness (Klep et al., 2011) . In contrast, a high level of emotion diversity might hinder information sharing behaviors, as team members categorize their peers experiencing different emotions as an outgroup, thus inhibiting perceptions of common team identity and also weakening team members' identification with the team as a whole. For instance, happier members would share more information with those in a similar emotional state than with those who seem less happy. While emotions experienced at the beginning of teamwork may vanish, the categorization bias remains. We thus expect that a high level of emotion diversity in early stages of team processes hinders information sharing and, in turn, harms team performance at later stages.
Information/decision-making perspective. In contrast to the self-categorization perspective, the information/decision-making perspective suggests that emotion diversity can also lead to increased or improved information sharing, as it elicits divergent perspectives. Team emotion diversity pools different types of information because differences in emotions invite differences in information processing strategies. For instance, individuals with a high level of positive emotions process information in a flexible and quick way, generating novel solutions (Murray, Sujan, Hirt, & Sujan, 1990) . Individuals with a low level of positive emotions may not actively assimilate information, but process information more objectively (De Dreu, Baas, & Nijstad, 2008 ). Individuals with a high level of negative emotions heuristically process information (Schwarz & Clore, 2003) , while those with a low level of negative emotions hold a cautious attitude and adopt a more systematic information-processing strategy (Schwarz et al., 1991) . A team with a high level of emotion diversity would therefore also be incorporating multiple approaches to task-related information processing. Given that team members working collaboratively could collectively identify and organize their diverse perspectives, emotion diversity should foster information sharing and enhance team performance (Loyd, Wang, Phillips, & Lount Jr, 2013) . The emotions that members experience during initial stages may wear off, but divergent information processing approaches would persist. Thus, from the information/decision-making perspective, emotion diversity in the early stages of teamwork would foster information sharing and enhance team performance in later stages.
Boundary Condition: Social Class Homogeneity
The two competing perspectives presented above do not operate in isolation. Categorization bias may disrupt the information/decisionmaking process (van Knippenberg et al., 2004) . The crucial factor is how people make sense of emotion diversity, either as a categorizationbias trigger or as information-laden cue. We argue that another dimension of team diversity can act as a boundary condition, affecting whether emotional diversity will amplify categorization bias and undermine information benefits, or if it will buffer categorization and amplify information benefits.
TEAM EMOTION DIVERSITY AND PERFORMANCE
Team composition is multifaceted. Consequently, team members have multiple ways of categorizing others (Crisp & Hewstone, 2007) . Which dimension in particular will become the categorization cue depends on its level of salience. Self-categorization theory (Turner et al., 1987) suggests that the salience of one categorization dimension depends on its cognitive accessibility. Cognitive accessibility refers to the readiness by which a given category is activated in a person's mind (Stets & Burke, 2000) . If the category contains highly informative and widely shared cultural and social beliefs (Crisp & Hewstone, 2007; Turner et al., 1987) , it is cognitively accessible. Compared to emotions, which are malleable and context-sensitive, demographic characteristics are more cognitively accessible because their social meanings are widely accepted throughout the culture (DiTomaso, Post, & Parks-Yancy, 2007) . As a result, we expect that individuals' response to emotion diversity would interact with team diversity in terms of demographic characteristics.
We examine how a team's social class homogeneity moderates the relationship between emotion diversity and information sharing among team members. We also examine how a team's social class homogeneity moderates the relationship between information sharing and team performance. Social class is a critical categorization cue in most societies, but it is especially salient in India, where this study was conducted. Social class homogeneity refers to the extent to which team members share similar social class backgrounds. A low level of social class homogeneity implies a high level of social class diversity. Social class is indicated by material resources and one's perceived rank in a social hierarchy (Côté, 2011; Kraus, Piff, & Keltner, 2009) .
Although it has received little attention in diversity research, studies have been conducted on the effects of social class differences on workplace behaviors (Côté, 2011; Gray & KishGephart, 2013) . A key implication of these studies is that social class itself is an important categorization dimension. Its deep roots in cultural and societal beliefs make it cognitively accessible and meaningful for categorizing people (Turner et al., 1987; van Knippenberg et al., 2004) . For instance, "class-specific repertoires of behavioral scripts," such as taste and style, easily invoke "in-group/out-group" distinctions (Kraus, Piff, Mendoza-Denton, Rheinschmidt, & Keltner, 2012, p. 547) . Therefore, we argue that social class serves as a more cognitively accessible categorization cue than emotions and as a moderator influencing how members make sense of team emotion diversity. For teams with a high level of social class homogeneity, we predict that the negative effect of team emotion diversity on information sharing will be buffered. Similar social class backgrounds have benefits for social integration, leading to relational outcomes such as commitment, identification, and perceived attraction (Guillaume, Brodbeck, & Riketta, 2012) . We believe that these will buffer the negative effect of team emotion diversity on the unity of team identity. Instead of seeing emotional diversity as "us-them" categorization cues, team members will devote attention to others and capitalize on the divergent information processing perspectives that different emotions elicit. This, in turn, will lead to more information sharing in subsequent stages of team processes. By contrast, for teams with a high level of social class diversity, we propose that team members will easily form "in-group/out-group" differentiations based on social class. Accordingly, as team emotion diversity increases, team members' perceptions of individual differences will be amplified (cf. Phillips, Northcraft, & Neale, 2006) . Team members would thus feel less psychologically committed and less willing to share information. Therefore, we propose the following:
Hypothesis 1: Social class homogeneity moderates the relationship between emotion diversity and team information sharing such that (a) team emotion diversity is positively related to team information sharing when social class homogeneity is high, and (b) team emotion diversity is negatively related to team information sharing when social class homogeneity is low.
Information Sharing, Social Class Homogeneity, and Team Performance
We also propose that social class homogeneity influences how information sharing affects team performance. Frequent and broad information exchanges for task coordination and achieving team goals help to actualize highquality decisions, leading to desirable team performance (see Mesmer-Magnus & DeChurch, 2009 for a meta-analysis). However, research has also shown that teams' ability to optimize information sharing and improve decisionmaking processes is contingent upon the uniqueness of the information being shared (Mesmer-Magnus & DeChurch, 2009) . Sharing redundant information is far less valuable than sharing unique information.
A low level of social class homogeneity implies a diversity of perspectives, interpretations, and opinions for problem-solving (e.g., Côté, 2011; Gray & Kish-Gephart, 2013) . For instance, extant studies indicate that social class influences how individuals think in terms of their sense of control (Kraus et al., 2009 ) and risk-taking (Kish-Gephart & Campbell, 2015) . Team members' diverse social backgrounds invite divergent perspectives and expectations, leading them to accept different opinions easily (Loyd et al., 2013; Phillips, Mannix, Neale, & Gruenfeld, 2004) . Thus, teams with low levels of social class homogeneity (i.e., a high level of social class diversity) have access to a larger pool of task-relevant perspectives and may result in sharing more unique information. To the extent that tasks are complex and require members to synthesize unique information, teams that are better equipped to share unique information are likely to outperform those who share redundant information.
In contrast, while teams with highly homogeneous social class backgrounds may be more likely to share information among team members, they are also more likely to find the shared information less unique (Phillips et al., 2006) . Similar social class backgrounds yield common values, behavioral repertories, and class-linked cognitive patterns (Kraus et al., 2012) . These make it easier for team members to form a shared mental model. But this may result in a form of confirmation bias. Because individuals favor information that confirms what they already hold (Stasser & Titus, 1985) , teams with homogenous social class backgrounds may be less likely to fully explore repertories of unshared information and instead spend time discussing what is already known, thus risking suboptimal solutions. Thus, the positive effect of information sharing on team performance will be weakened in teams with high levels of social class homogeneity.
Hypothesis 2:
The lower the social class homogeneity, the stronger the positive relationship between information sharing and team performance.
The Conditional Mediating Role of Information Sharing
With the previous hypotheses in place, we propose that team emotion diversity will have a conditional, indirect effect on team performance. Team emotion diversity enhances information sharing in a team with high social class homogeneity and impedes information sharing in a team with low social class homogeneity. These effects on information sharing subsequently influence team performance, with a stronger positive influence on teams with low social class homogeneity than on teams with high social class homogeneity. Therefore, we expect an indirect relationship between emotion diversity and team performance, moderated by team social class homogeneity and mediated by information sharing.
Hypothesis 3a:
Emotion diversity has a positive indirect relationship with team performance via information sharing when social class homogeneity is high.
Hypothesis 3b: Emotion diversity has a negative indirect relationship with team performance via information sharing when social class homogeneity is low.
Positive Emotion Diversity and Negative Emotion Diversity
As emotions are usually studied separately as positive and negative (e.g., Isen & Baron, 1991) , we would explore the effects of positive emotion diversity and negative emotion diversity respectively. A team with a high level of positive emotion diversity consists of members who experience positive emotions to different extents, with some members feeling happier or more relaxed, and others feeling less happy or less relaxed. Similarly, a team with a high level of negative emotion diversity comprises members who experience negative emotions to varying extents, with some feeling angrier or more upset, and others feeling less angry or less up-set. We test the above hypotheses with positive emotion diversity and negative emotion diversity separately.
Method
Sample and Procedures
Our sample consisted of 452 MBA students from an Indian university. As part of their coursework, participants were assigned by the MBA office into 75 project teams in five sessions, referred to as Sessions A-E. These sessions were run by two instructors, with one instructor teaching Sessions A and B and the other teaching Sessions C, D, and E. Each session had 15 teams. Team size ranged from five to seven members (M ϭ 5.94, SD ϭ 0.34). Four hundred forty-four students completed our survey with a response rate of 98%. Among the respondents, 69% were male and 31% were female; 93% had an undergraduate degree, and 7% had obtained another postgraduate degree before joining the MBA program. Participants' average age was 23.03 (SD ϭ 1.74) and their average number of years of full-time employment was 1.21 (SD ϭ 1.34).
The student teams were assigned a team project lasting the entire 3 months of the academic term. The project required teams to pick up an organization and study its interorganizational networks. Teams were expected to explore different databases, news reports, and other sources of documented information, for example, companies' annual reports, books and articles, various firm directories, and the Internet, to obtain detailed and historical information about the firm of their choice. The teams were then expected to study the organization's interorganizational network, discuss the formation of those networks, and describe elements like strategy, the theoretical underpinnings of the networks, and related cultural and political issues. Each team submitted a report detailing their analysis. Team performance accounted for 15% of students' overall individual performance.
We collected data on four separate occasions. At Time 0 in the MBA orientation program, students received a letter inviting them to participate in the study. Students interested in participating signed a consent form and responded to a survey about their demographic characteristics, such as gender, age, and prior work experience. Three days after the first survey, students commenced on their team project. At Time 1, the end of the second week of the academic term when the teams held their first group meetings, we collected data on team members' emotions and perceptions of team social class homogeneity. At Time 2, we collected data on information sharing in the middle of the term when group projects were ongoing. We also measured team members' perceptions of team social class homogeneity at Time 2. Finally, at Time 3, we collected team performance data after the team project had concluded.
Measures
Team emotion diversity. At Time 1, we assessed team members' emotions during the first team meeting, using the 22-item scale from Seo and Barrett (2007) . Participants rated emotion items on a scale from 1 (not at all) to 7 (extremely so). The positive emotion items included "happy," "satisfied," "excited," "joyful," "enthusiastic," "proud," "interested," "calm," and "relaxed" (Cronbach's ␣ ϭ .98). The negative emotion items included "sad," "disappointed," "irritated," "afraid," "angry," "nervous," "frustrated," "depressed," and "tired" (Cronbach's ␣ ϭ .99). Confirmatory factor analysis results indicated that a two-factor model fit the data better ( 2 ϭ 417.33, df ϭ 129, p Ͻ .00, comparative fit index ϭ .92, TuckerLewis index ϭ .91, root mean square error of approximation ϭ .07, standardized root mean square residual ϭ .06) than a single-factor model ( 2 ϭ 857.76, df ϭ 130, p Ͻ .00, comparative fit index ϭ .80, Tucker-Lewis index ϭ .76, root mean square error of approximation ϭ .11, standardized root mean square residual ϭ .11). The average of scores on the positive and negative emotion items were treated as participants' positive or negative emotion scores. The standard deviations of all team members' positive emotion scores and negative emotion scores were counted as the team's positive emotion diversity score and negative emotion diversity score.
Social class homogeneity. We measured social class homogeneity by participants' perceptions of team homogeneity in terms of social class at both Time 1 and Time 2. Because our sample was from India, we used "caste" as a proxy for social class. The caste system in India is a social structure dividing groups into ranked categories. People are restricted by their caste in terms of access to jobs and education. Caste also influences religious beliefs, language, and marriage (Sankaran, Sekerdej, & von Hecker, 2017) . Thus, caste is a salient categorization cue in Indian society and people seek signals that reflect it, such as one's surname, language, occupation, education, complexion, and religion. However, it has become increasingly complicated to judge another's caste based on a single cue. Indian society has undergone profound social changes resulting from government actions to mitigate caste-based discrimination dating to the 1950s (Ghoshal, 2002) . For example, certain occupations reserve quotas for people from lower castes and the education system has been reformed to mitigate caste elitism (Joshi, 2015) . People may change their last name if their circumstances reflect upward caste mobility.
Accordingly, objectively ascertaining the criteria to understand the caste system is a challenging proposition in an academic sense (Kumar, 2016) . However, people living within the caste system have developed their own approaches to judging others' caste. Therefore, we assessed the subjective perception of caste homogeneity rather than using any objective measures. Perceptions of others' social class are likely to form during initial interactions and may prove to be more or less accurate as further evidence of social class differentiation accumulates. We thus measured the perceived caste homogeneity at both Time 1 and Time 2.
We asked participants to rank the similarity of their own caste vis-à-vis other team members (Liao, Chuang, & Joshi, 2008) . They rated it on a 7-point scale from 1 (very dissimilar) to 7 (very similar). The correlation between participants' ratings at Time 1 and Time 2 was .26 (p Ͻ .00). The paired sample T test was not significant (p Ͼ .05), indicating that individual perceptions of teams' caste similarity did not change significantly between Times 1 and 2. We also checked the within-group interrater agreement (r wg ). The mean of the r wg score was .82 for the Time 1 measure and .84 for Time 2 measure. Both were above the .70 threshold (James, Demaree, & Wolf, 1984) . Accordingly, we aggregated each participant's perceived caste similarity ratings with their team members as a team's social class homogeneity score at Time 1 and Time 2.
Team information sharing. We measured team information sharing by a three-item measure (Bunderson & Sutcliffe, 2002 ) on a 7-point Likert scale, from 1 (strongly disagree) to 7 (strongly agree). The sample items included "Information used to make key decisions was freely shared among the members of the team." The reliability score for this scale was .79 in our sample. The within-group agreement (the mean of r wg ϭ .82) and intraclass correlation scores (.13) justified our aggregation of team members' ratings to the team level.
Team performance. The team assignment was graded by two instructors, with one instructor grading Sessions A and B and the other instructor grading Sessions C, D, and E. The instructors evaluated the project reports based on the same grading scheme, which they had discussed together previously and reached consensus. Initially, team reports were graded by letters, which were then transformed into scores, with Aϩ ϭ 12, A ϭ 11, A-ϭ 10, Bϩ ϭ 9, B ϭ 8, B-ϭ 7, Cϩ ϭ 6, C ϭ 5, and F ϭ 0. A report graded as Aϩ contained a proper description of an interorganizational network; a deep analysis of interfirm characteristics, such as environment, strategy, structure, and cultural and political issues; a detailed analysis and linkages with concepts learned in class; proper citations and references of data sources; and evidence that an extensive data(base) search was undertaken. Reports with grades lower than Aϩ were understood to be of a comparatively lower quality.
Control Variables
Team composition variables. Multiple demographic features can function as categorization criteria. Because we were particularly interested in the effects of emotion diversity and because we believe social class diversity to operate as a salient categorization cue in the research context, we controlled for the effects of other team composition variables, such as gender diversity, tenure diversity (the length of full-time employment before the MBA program), and ability test diversity (measured by Common Admission Test scores). Gender diversity was calculated using the Blau Index 83 TEAM EMOTION DIVERSITY AND PERFORMANCE (Harrison & Klein, 2007) ; tenure and ability test diversity were calculated by standard deviation.
Team emotions 1 (mean level).
As previous studies have supported that the effects of emotion diversity may depend on the mean level of team members' emotions (Barsade et al., 2000) and because our main focus is to examine the interaction between emotion diversity and social class diversity, we controlled for the mean level of team members' emotions.
Instructor. Although there was intense discussion between the two instructors prior the academic term about how to ensure consistency in evaluation standards, we also controlled for any instructor-related effects to rule out the possibility that subjective tendencies in grading influenced team performance outcomes. We used a dummy code to indicate that Sessions A and B had the same instructor and that Sessions C, D, and E had the same instructor. Table 1 displays the descriptive statistics, including means, standard deviations, and pairwise correlations between all variables.
Results
Data Analysis Strategies
Because the project teams in our sample were nested in five sessions, we first checked the variance structure of the dependent variable (i.e., team performance) and mediator (i.e., team information sharing). The variance analysis revealed that the between-session variance accounted for 0.1%, F ϭ .89, p Ͼ .05, of the total variance for team performance and 0%, F ϭ .59, p Ͼ .05, of total variance for team information sharing. This indicated that multilevel modeling was not appropriate for our data (Scherbaum & Ferreter, 2009) . We thus adopted the ordinary least squares regression. To test our hypotheses, we first standardized all of the variables and computed interaction terms (a) between either positive or negative team emotion diversity (Time 1) and social class homogeneity (Time 1) and (b) between information sharing (Time 2) and social class homogeneity (Time 2). We checked the variance inflation factor to assess the extent of multicollinearity problems that might exist. We found that the variance inflation factors for all variables were below 5, indicating that multicollinearity was not a concern. We tested Hypotheses 1a-2 using the approach suggested by Aiken, West, and Reno (1991) . To test the conditional indirect effects in Hypotheses 3a-3b, we first calculated the product terms, as suggested by Edwards and Lambert (2007) , and then assessed them by the bootstrapping with 20,000 repetitions to construct 95% Monte Carlo confidence intervals (Bauer, Preacher, & Gil, 2006; Selig & Preacher, 2008 ).
Hypothesis Testing
We tested Hypothesis 1a and 1b by examining both positive emotion diversity and negative emotion diversity, following the procedures proposed by Aiken et al. (1991) . Model 2 in Table 2 shows that the interaction term between positive emotion diversity and social class homogeneity was significantly related to information sharing (b ϭ 0.16, p Ͻ .05). We plotted the interaction for teams with a low or high level of social class homogeneity using 1 SD below and above the mean (Aiken et al., 1991) . As shown in Figure 2 , positive emotion diversity had a negative relationship with information sharing for teams with a low level of social class homogeneity, and a positive relationship with information sharing for teams with a high level of social class homogeneity. We conducted a simple slopes analysis using the approach proposed by Bauer and Curran (2005) and Preacher, Curran, and Bauer (2006) . This revealed that the effect of positive emotion diversity on team information sharing was marginally significant when social class homogeneity was low (b ϭ Ϫ0.20, p ϭ .056), but not significant when social class homogeneity was high (b ϭ 0.11, p Ͼ .05). Thus, our Hypothesis 1b was marginally supported, but Hypothesis 1a was not when examining positive emotion diversity.
When testing Hypothesis 1a and 1b using negative emotion diversity, as shown in Model 4 in Table 2 , the interaction term between negative emotion diversity and social class homogeneity on information sharing was significant (b ϭ 0.18, p Ͻ .01). We also plotted the interaction for teams with a low and high levels of social class homogeneity using 1 SD below and above the mean (Aiken et al., 1991) . Figure 3 displays the interaction pattern. The simple slope test supported that the effect of negative emotion diversity on information sharing was significant and negative when the social class homogeneity was lower (b ϭ Ϫ0.28, p Ͻ .05) rather than higher (b ϭ 0.08, p Ͼ .05). Accordingly, Hypothesis 1b was supported, but Hypothesis 1a was not when examining the effects of negative emotion diversity.
Testing Hypothesis 2, Model 6 in Table 2 indicates that the interaction term between information sharing and social class homogeneity was marginally significant (b ϭ Ϫ0.35, p ϭ .076). The interaction pattern (see Figure 4) indicates that information sharing was more positively related to team performance when the social class homogeneity was lower (1 SD below its mean) rather than higher (1 SD above its mean). The simple slope test further supported that the line was significant for teams with lower social class homogeneity (b ϭ 0.63, p Ͻ .05) rather than higher (b ϭ Ϫ0.07, p Ͼ .05). The results indicate that the positive relationship between information sharing and team performance was stronger when social class homogeneity was low rather than high, thus supporting Hypothesis 2.
We used the Monte Carlo method for assessing mediation (Selig & Preacher, 2008) to test the indirect effect of emotion diversity on team performance. The results of the Monte Carlo method for assessing mediation indicated that the conditional indirect effect between positive emotion diversity and team performance via information sharing was not significant, both when team social class homogeneity was low (95% confidence interval [CI: Ϫ0.352, 0.006]) and high (95% CI [Ϫ0.108, 0.078] ). By contrast, the conditional indirect effect between negative emotion diversity and team performance via information sharing was significant in a negative way when team social class homogeneity was low (95% CI [Ϫ0.442, Ϫ0.008]), but nonsignificant when team social class homogeneity was high (95% CI [Ϫ0.010, Table 1 Mean, Standard Deviation, and Correlations 
0.076])
. Thus, our Hypothesis 3b was supported.
Discussion
In this study, we address an important yet unsubstantiated question in diversity research: how emotion diversity affects team information sharing and, consequently, team performance, vis-à-vis demographic diversity (i.e., a low level of social class homogeneity in this study). Drawing on the arguments in CEM (van Knippenberg et al., 2004) , we suggested that the relationship between team emotion diversity and information sharing is ambivalent. Taking into account the multifaceted nature of team diversity, we draw on self-categorization theory and argued for the moderating role of social class homogeneity as reconciling countervailing tendencies in the relationship between team emotion diversity and information sharing. As our results show, when social class homogeneity is low (i.e., social class diversity is high), negative emotion diversity inhibits information sharing and task performance due to an amplification of categorization bias. In addition, we question the baseline effect of information sharing on task performance. This research therefore extends previous studies (e.g., MesmerMagnus & DeChurch, 2009 ) by suggesting that social class homogeneity functions as a boundary condition. Our results indicate that when social class homogeneity is low (i.e., social class diversity is high), the more information shared, the higher the task performance. Overall, our results supported that negative emotion diversity was negatively related to team performance when team members were also diverse in social class backgrounds.
Theoretical Implications
Our work extends research in team diversity in two substantive ways. First, it goes beyond existing studies on team diversity, which mainly focus on diversity in demographic attributes only. In our study, we empirically demonstrate the effects of emotion diversity as an indispensable dimension of team state diversity (van Knippenberg & Mell, 2016) . As team life is full of emotional triggers, such as group meetings and coordination among members to fulfill the tasks, work experience in teams is "saturated" with emotions. These affect team processes by influencing how members would view and interact with each other in the team (Ashforth & Humphrey, 1995, p. 98; see Barsade & Knight, 2015 , for a review). Our study supports that the variability of team members' emotions do exert influences on team functioning. Further, we illustrate how emotion diversity formed during initial stages of team development (e.g., Gersick, 1988) can have effects on team processes and outcomes at later stages. This echoes theoretical claims that emotions shape an individual's judgment and decision-making over a longer term (cf. Forgas & George, 2001) , despite the fact that they are short-term reactions to external stimuli (Ekman, 1999) .
Second, due to the multifaceted nature of diversity effects, we identify social class homogeneity as one boundary condition to reconcile competing predictions about the relationship between emotion diversity and information sharing (van Knippenberg et al., 2004) . By drawing on CEM (van Knippenberg et al., 2004) and the self-categorization theory (Turner et al., 1987) , we argue that categorizations based on social class homogeneity influences how emotion diversity shapes team processes. Emotion diversity's categorization effects are either buffered by similarity in team members' social class backgrounds or amplified by diversity in social class backgrounds. This theoretical framework integrates state diversity (i.e., emotion diversity) and trait diversity (i.e., social class diversity), yielding critical insights into how varying dimensions of team diversity interact to influence team processes and outcomes. Consequently, more attention should be paid to how multiple, overlapping, or crosscutting (e.g., Homan, van Knippenberg, van Kleef, & De Dreu, 2007) diversity dimensions interact to influence team dynamics-an insight that team managers should be aware of.
Practical Implications
Enabling diverse teams to function effectively is an increasing challenge for practice (cf. van Knippenberg & Mell, 2016) . Our study yields new insights for understanding this chal- lenge. Our findings illustrate that managers of diverse teams not only need to manage members' demographic dimensions in terms of fostering information sharing, but also the diversity of members' emotions (cf. Sanchez-Burks & Huy, 2009). Our results provide a more nuanced understanding of the potential implications of team emotion diversity for team processes and outcomes. We are not suggesting that managers foment negative emotions or press positive emotions to prompt emotion diversity. Rather, our goal is to inform managers that the negative effects of emotion diversity can be buffered by shifting members' attentions to similarities in other demographic attributes, such as social class.
Limitations and Future Research Directions
Our research design has limitations that merit further research. First, we tested our conceptual model using MBA project teams. The shortterm team project might make the effects of emotions more salient. Future research should further examine the effects of emotion diversity for teams with a longer tenure to understand whether the results of our study are replicated in more durable organizations. Second, our results might be constrained by the task type of the team project, because of little variance across the team task types that all teams were engaged in. Previous research has found that task type is a contingent factor in explaining the consequences of team diversity (e.g., Jackson, Joshi, & Erhardt, 2003; Pelled, Eisenhardt, & Xin, 1999; Wegge, Roth, Neubach, Schmidt, & Kanfer, 2008) . We also expect that the effect of information sharing on team performance might not be contingent on team diversity for teams working on routine tasks as the demand for divergent perspectives is low. Third, we examine positive/negative emotions rather than discrete emotions. We did so because people usually experience a set of emotions within the course of a coherent emotional episode (Weiss & Cropanzano, 1996) . However, examining discrete emotions in the future will enable researchers to understand emotional experiences with improved predictive accuracy (Ashkanasy, Härtel, & Daus, 2002; Menges & Kilduff, 2015) . In addition, we measured emotions experienced by individual research participants. We used this as the basis for calculating team emotion diversity. Future research may replicate our study but directly measure perceived emotional diversity across team members. In addition, our study supports the notion that multiple dimensions of diversity interact to influence team processes and outcomes, using emotion diversity and social class homogeneity as illustrative cases. Future research could extend this notion to study the interactive effects between other dimensions of team diversity.
